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CH. 5 PUSH BACK - 8
The Case of Inconsistent Leadership
Earlier in this chapter, we referred to 103 sixth-grade students who were ‘overlooked’ for the top track in mathematics in a large urban middle school. These students subsequently demonstrated their ability to be successful without any extraordinary interventions put into place. Critically, even though many of these students were previously designated as low-achieving and/or behaviorally and emotionally handicapped, they were placed into the top track because the principal of the school insisted that school board policy be followed and that these students be given an opportunity to succeed. 
The principal’s placement of these students, students who met the placement criteria for admittance into the class, met push-back from the mathematics faculty who were not in agreement with the principal’s actions. In spite of the push-back the students did well. An entire new pool of high-performing students was identified within the school. 
 These students performed well when given the opportunity to succeed. Indeed, three-quarters of the students received an A or B, and all but a few of the rest earned a C in the high level mathematics course for which they qualified (Figure 5.1). The data, in other words, would imply that the practice of following the academic guidelines was a success. 
Nevertheless, when the principal was reassigned the next year to a high school, the mathematics faculty reverted back to old behaviors. During the next year, without the ‘checklist’ in place of simply following school board policy, students were similarly adjusted out of their proper placement. 
Figure 5.1 About Here
Rather than addressing this disregard for school policy, the new principal acquiesced. This principal was not willing to contradict the sentiments of a mathematics faculty for the principle of equitable class placement. The faculty did not agree with extending opportunities to all students who met the school district’s criteria for advanced placements. It did not matter that the data seen demonstrated that children meeting the school district’s criteria were successful the year before. This evidence was not enough to get teachers and administrators to change their stories about, and their professional evaluation of, black and Latino children.
	Keeping in mind the three case studies above, let’s zoom out just a bit to consider the interplay of these student level decisions and larger system decisions.
Cumulative Impact
Recall the study discussed in chapter 2 regarding the placement of young students into gifted programming. After determining that using teacher recommendations and parent requests led to racially biased outcomes for inclusion into gifted programs, a school district adopted a policy to screen everyone using more objective performance criteria for admission into the referral pool for gifted programs.[endnoteRef:1] As a result, the racially biased placement patterns, seen previously in the district, were largely eliminated. What’s more, student achievement and performance improved across student demographics.   [1:  Card, D., & Giuliano, L. (2015). Can universal screening increase the representation of low income and minority students in gifted education? (No. w21519). National Bureau of Economic Research. 
See also a report on and expansion of the implications of this study in Dynarski, S. (2016, 10 April). Why talented Black and Hispanic students can go undiscovered. The New York Times, p. BU6] 

However, in the face of these positive outcomes, the school district later claimed that the screening process was too expensive. They then reverted to the referral-based system that relies upon teacher and parent ‘recommendations’.  Without the objective screening policy in place, racially-biased student performance outcomes returned; achievement and performance gaps returned to “normal.”
How can this happen? We suggest that educators were unswayed, and effectively unaffected, by academic data that contradicted their prior beliefs about who should gain access to high level academics. They resisted the data—even when it was demonstrated to have large cumulative impact.
In this way, the individual beliefs, attitudes, and dispositions surrounding decisions made about how students should be provided the opportunity to study rigorous mathematics has a systemic effect.  When beliefs, attitudes, and dispositions are examined with the perspective of performance data and existing practices, the results reveal biases that inhibit minority and low-income students’ access to high-quality content and instruction. And, though teachers and administrators may admit some awareness of such inequities, they seldom acknowledge the true magnitude of the problem or see their own role in it.
Data vs. Beliefs
Cultural beliefs and attitudes about low-income and minority students play a significant role in how students are placed in mathematics courses[endnoteRef:2]. The use of performance data and objective achievement criteria helps educators avoid the unintentional (and intentional) biases students face[endnoteRef:3]. Although many schools claim to use objective achievement criteria for making student placement decisions, more often than not, they use the data-driven approach—with adjustments.  [2:   Mayer, A. (2008). Understanding how U.S. secondary schools sort students for instructional purposes: Are all students being served equally?” American Secondary Education, 36(2): 7–25.]  [3:   Stiff & Johnson, 2011] 

Patrick Akos and his colleagues have consistently found that middle grade students appear to be “inequitably distributed among hierarchies of mathematics courses on the basis of race and economic background”.[endnoteRef:4] [endnoteRef:5]  Such disparities contribute to the ever-growing stratification among course opportunities for students. Similar results are found for high school students.[endnoteRef:6] Specifically, even when academic achievement is comparable, Black and Hispanic students have less opportunity to take high quality courses than their Asian and White counterparts.  [4:  Akos, P., Shoffner, M., & Ellis, M. (2007). Mathematics placement and the transition to middle school. Professional School Counseling, 10(3), 238–44]  [5:  Grissom and Redding, 2016]  [6:  Mayer, (2008).] 

How does this happen? What decisions are made that continue to produce these inequitable results? Do beliefs trump data when data does not match prior beliefs?
Consider the large urban school district in which the cases of both Alexander and Laila occurred. Soon after implementation of the open-placement, data-driven opportunity protocol was put in place, the district argued that the use of objective performance data harmed minority students and girls. In particular, they argued that using the lowest cut-off score on the EVAAS measure (at 70% likelihood of success) resulted in more unsuccessful outcomes for students than they deemed appropriate, thereby suggesting that such students should be required to take remedial classes.[endnoteRef:7]  [7:  As well as the first-hand experience of the authors, a citation is also available here. It is not provided in order to maintain school district confidentiality throughout this chapter.] 

It is certainly possible that educator resistance may have played a part here. The increase in browner and poorer students into classes that were formerly populated by the more affluent, white and Asian-American students caused a kerfuffle in schools.  Talk was about the increase in students identified as qualified for the highest level math classes. While many teachers embraced the broader range of students in their classes, many others did not. For instance, a middle school math teacher (from a different school within the same time period) said to one of the authors here “I don’t know how to teach these children.” This can be a vulnerable thing for a teacher to say, but it is also a bit confusing. Keep in mind that these students have demonstrated average or above-average performance for several years as evidenced by their EVAAS scores.
Nevertheless, the data indicated that a 70% predication-rate-of-success cut-off score created problems. Many students were not performing as well as expected and there was a racial and gender-based trend to the data: Girls and students of color did not perform as well as hoped. It makes good sense to question and reconsider this entrance policy. 
But 70% was not a magic number. The cut-off scores had a range of predictions from 0-100%.  
The same data that indicated to the district that some students (girls and students of color) were academically harmed by a 70% cut-off policy also demonstrated another phenomenon. A cut-off score of 80% likelihood-of-success resulted in more equitable placements than the status quo and had the desired student performance outcomes for Black and Hispanic students and girls. The data, in other words, indicated that a slight change in cut-off score eliminated the concern found at the initial cut-off score and produced more equitable placement results than did prior practice.
Rather than modulate the cut-off scores based on equity and academic success, the system chose to end the use of objective performance data for placement purposes. 
The Path of Most Resistance
Explicit efforts within a school community to provide access to high-quality mathematics coursework has not proven to be easy, or self-evident, for the professionals involved. Efforts of educators often hold steady to the tiered-opportunity model. Then, at the same time, students who qualify for these high level opportunities often meet both unintentional and intentional resistance from teachers, counselors, and administrators.  
Within the tiered-opportunity model, unintentional resistance and subsequent barriers can be identified and addressed. For instance, a school may identify an under-representation of girls selected for the science team or of African-American students recommended for the highest math courses. Once a problem of this nature is identified educators can use objective performance data to identify underrepresented students. This use of data supports educators in maintaining a high quality of professional judgment. Using this objective data also protects students from the damaging impact of prior belief when it comes to academic opportunity. From there educators can then address enhanced pedagogical approaches to teaching and learning as they strive to improve mathematics instruction along with opportunity. 
The reality tends to look a little different. Keep in mind the conditions and demands faced by teachers as discussed in Chapter 3. Change within this context can be difficult. And this includes change that requires an understanding of issues such as implicit biases and student learning. And so, although educators are initially willing to try new approaches to the problem, teachers often balk at procedural and instructional solutions that demand significant changes in their own beliefs and behaviors. 
It should not be surprising that efforts for equitable access to high-quality opportunity has proven a formidable task[endnoteRef:8]. Educators and the school districts that they run often possess deeply held beliefs and attitudes about intelligence, racial differences, social class, privilege, and entitlements that affect student access to high-quality instruction[endnoteRef:9]. Educators involved in school mandates that provide tiered opportunities, such as gifted and talented programs, have a stake in maintaining the status quo and the philosophies surrounding that status quo. This may mean that any changes in school practices and policies are resisted. Moreover, affluent parents often exercise their “privilege” by voicing concerns about “equitable policies” they fear will eliminate tiered opportunities for their children[endnoteRef:10].  [8:  There are documented examples of schools that have held steady to data, disbanded leveled opportunities, and made a difference in student school experiences and opportunity. These cases continue to be the exception and not the norm. See for instance Burris et al, 2006 listed above and Boaler, J. (2006). How a detracked mathematics approach promoted respect, responsibility, and high achievement. Theory into Practice, 45(1), 40-46.]  [9:   Oakes, J. & Wells, A. S. (1998). Detracking for high student achievement. Education Leadership, 55(6): 38–41.]  [10:   McGrath, D. J. & Kuriloff, P. J. (1999). ‘They're Going to Tear the Doors Off This Place’: Upper-middle-class parent school involvement and the educational opportunities of other people's children. Educational Policy, 13(5): 603–29.
] 

And so, reactions to equitable student opportunity can quickly come to function as intentional resistance even though it is often unacknowledged. Intentional resistance, as we have witnessed it in the school setting, manifests as a pattern of ignoring objective achievement data and proven pedagogical approaches to student success. We’ve experienced educators acknowledging that new pedagogical strategies may work for students they’ve identified for placement into advanced courses.  At the same time these same educators may be convinced that these new, proven, strategies will not be successful with those students thought to be incapable of performing well in rigorous math courses. The cases of Alexander, Laila and, Inconsistent Leadership, chronicled above, serve as examples of this phenomenon.
As we will discuss further in the next chapter, placement policies about providing access to high-quality courses and instruction should not vary by year or by school or by leadership in any given school district. Each school district should create policies and procedures that meet the needs of all students and are fully understood and consistently implemented by school officials.
We have so far considered how the data-driven ethic has some problems from the perspective of enactment. Beliefs bump up against data. A disregard for protocol may ensue. We will look further at the idea of the belief story, and how it impacts the interpretation of data in Chapter 6.  For now, note that data does not tend to trigger actions or shape beliefs. In other words, beliefs drive our relationship to data, and not the other way around. Given this, let’s consider how beliefs might arise in the professional work of teaching. In particular, what might it look like to have a belief interrupted so that the academic data has a chance to be seen?
[bookmark: _t6wsz5ubnf33]In Chapter 6, we consider the human-side of processing data and proffer a set of solutions to the questions we have raised. Once we understand that our beliefs are what drive our interpretation of data, then a corollary presents itself: When we see how data gets interpreted, we see our own beliefs. And, what’s more, when we see our own beliefs, questions arise about equity, parity, and intention. 



